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PID&MPC

Table 1: Results of a survey by the Industry
Committee on the current and future impact
of PID and advanced control technologies *

Current Impact Future Impact I F ACv
Control Technology % High Low/No High Low/No

INTERNATIONAL FEDERATION

PID control 91% 0% 78% 6% OF AUTOMATIC CONTROL
System |dentification 65% 5% 72% 5%
Estimation & filtering 64% 11% 63% 3%
Model-predictive control 62% 11% 85% 2%
Process data analytics 51% 15% 70% 8%
Fault detection & 48% 17% 8% 8%
identification
Decentralized and/or 29% 33% 54% 11%
coordinated control
Robust control 26% 35% 42% 23%
Intelligent control 24% 38% 59% 11%
Nonlinear control 21% 44% 42% 15%
Discrete-event systems 24% 45% 39% 27%
Adaptive control 18% 38% 44% 17%
Repetitive control 12% 74% 17% 51%
Other advanced 11% 64% 25% 39%
control technology
Hybrid dynamical 11% 68% 33% 33%
systems
Game theory 5% 76% 17% 52%
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MPHC: Model Predictive Heuristic Control (France)
DMC: Dynamic Matrix Control (USA)
MAC: Model Algorithm Control (USA)

o SOFNEEFEARULELRE
GPC: Generalized Predictive Control (UK)

o ¥R Fuliz=Hl MPC (Model-based Predictive Control)
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