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Static rate distortion (Information theory)
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Summary so far

{H u(t)= f(x(0:t),r(0:t),u(0:t=1)  Fullinformation
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Intuition (almost a proof)
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Q What i1s sensed matters.
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= Delay +
A [R| R=Rbits/time quantization

Ts| Delay (T¢>0)

Full information

P u(t)= f(x(0:t),r(0:t),u(0:t-1))

x(t+1) = ax(t) — R{u(t — Tg )]+ w(t)
guant delay

. s, (R 1
min  sup ||x||w:2‘a"l‘ + ‘as (2 —\a\)
i-_lj_-i R [Wlko <1 =1 Jelay delay+quant

G. Nair et al., (2007) Feedback control under data rate constraints: An overview
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Large literature
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