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cranial nerves

spinal nerves

• similar diameters
• diverse lengths
• extremely diverse composition
• (within brains, between species)
• communication bottlenecks?
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By Jeff Dahl - Own work by uploader, Based on the public domain document: [1], 
CC BY-SA 3.0, https://commons.wikimedia.org/w/index.php?curid=4262200
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Caveats and Issues (talks and videos)
• Bad scholarship, cinematography, diplomacy, organization
• Badly organized (Videos, slides, papers in Dropbox)
• More breadth than depths, more questions than answers
• Trailer for videos and papers with lots of details
But
• Widely applicable
• Accessible (even latest theory research is relatively…)
• (Almost) undergrad for (almost) everything, lots just high school
• “Obvious” (if in retrospect) and with familiar components
• Eager for feedback (and also new material)
• All answers due to students
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